2024, 28(3): 13 -17, 22. SR PRE 2G4  Journal of Clinical Medicine in Practice <13 -

FALEREARRENRESH

kR, FHEKE, £ OFN, et
(1. VTRFHBEZy KR P BEbE, WIEg RN, 450000 E%ﬂéﬂhmﬂlﬁﬁﬂ&, 2. OISR,
3. PFRER, R BN, 451464 4. FMTTOMUE B R S SEH0EE, R AN, 451464 )

& E: B CRADSURZET o A T8 e AE B 2 Uk i) E BRI o8 iR AT 00, BRI AU N I s %, 3k |
K Web of Science 10> A 8B 4 i 5 24 N T4 A8 W A0 5 SCik, SRl Co-Occurrencel3. 4 4 Ry 43 5 5 i) A= 1 i) 3 4 B4, 1oz
gClutol. 0 WX T HAIATREIRI T, SR AR 7 803 5, 4R & AR b, 35 B A8 & S E e 07, 3k
PR 30 AN 45 SRR, B B T BER T A hn A I 5 6 N3RS, DR s R T DA PR PR e 10 pom e R Ik
«U" BN IS WHEEE | UM AR B 06 RS A AR 6 A E, S5 AT REE Yl I H T I FRI2 Wi Aia 7, oh i KR I %
NI T A SR TR SR B IR ST iR b T R R I B, AR IR T BAR L 2R AL TR 9 38 O A1, i 3h o
’Fi BT /K 8 A HOE MO A it B Y7 DA R R E S T,

KR ANTHRGE; mREYT; WAL ; Web of Science; X AI LS HT
HESEES: R1; R3; R319 STARFRASAG: A STEHES, 16722353(2024)03-013-05  DOI; 107619/ jémp. 20232042

Double clustering analysis of medical artificial
intelligence research hotspots
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Abstract: Objective To analyze the international research results of artificial intelligence in the
medical field by the double clustering method, and te=explore the hot trends in the topic field. Meth-
ods The Web of Science core collection database was searched for the research literature of artificial
intelligence in the field of medicine, and the high-frequency keywords were extracted by Co-Occur-
rencel3. 4 to generate the word matrix. The gClutol. O clustering toolkit was used for the double cluster
analysis. Results A total of 7 803 articles*were included, and the annual number of publications
showed an overall upward trend. The United States ranked the first in the total number of publications.
A total of 30 high-frequency subject words were extracted to form 6 clusters such as artificial intelli-
gence applied to biomarker detection. The research hotspots focused on six topics: health care, disease
outcome , whole-course disease monitoring, auxiliary diagnosis of cancer, model validity and differenti-
al biomarkers. Conclusion Attificial intelligence has been widely used in clinical diagnosis and treat-
ment technology, which provides targeted support for genetic testing and public health events. Howev-
er, related domestic research is still in developing stage. In the future, we need to rely on multidisci-
plinary and inter-jmstitutional communication and cooperation to promote the development of intelligent
medical in China, sothat it truly becomes an important tool to promote the development of medical and
health services.
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